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Introduction  
Dynamic contrast enhanced MR imaging (DCE-MRI) provides measurements reflecting the kinetics of tissue enhancement, which 
can be used to assess breast cancer risk.1 In particular, background parenchymal enhancement (BPE) observed in breast 
fibroglandular tissue (FGT) has been shown to be associated with breast cancer risk as an imaging biomarker.2,3 However, 
accurate FGT segmentation is a challenge when bias field inhomogeneity is present, especially in multi-center studies. For this 
retrospective study we compared a semi-automatic segmentation method with and without bias correction (BC) to a semi-manual 
method performed by a radiologist as our reference standard. We analyzed the accuracy and improvement of bias correction 
within a neoadjuvant treatment cohort in order to validate a more accurate response evaluation.  
 
Methods  
A cohort of 237 women undergoing MRI during neoadjuvant chemotherapy (NAC) treatment were scanned at 21 different centers 
on 1.5T and 3T scanners from 3 manufacturers. 237 DCE-MRI studies conducted before NAC (pre-treatment) and 213 studies after 
12 weeks of taxane-based treatment (inter-regimen) were analyzed. We applied an in-house algorithm for semi-automatic 
segmentation using fuzzy c-means (FCM) clustering to identify FGT.4 For semi-manual segmentation, a radiologist with two years 
of experience in breast MRI manually placed a mask around the parenchymal tissue and applied FCM clustering with fine tuning. 
All segmentations were performed on a single axial slice located at the nipple position of the contralateral breast. We applied the 
N4ITK algorithm to correct for the field inhomogeneity.5 We calculated BPE as (S1-S0)/S0, where S0 is the pre-contrast signal 
intensity and S1 is the early post-contrast signal intensity. Mean BPE was calculated to assess the segmentation agreement 
between methods. Pearson’s linear correlation coefficient was calculated to compare the improvement gain of bias correction for 
BPE quantification. The Sørensen-Dice similarity coefficient was calculated to compare the accuracy of segmentation methods 
with regards to our reference standard.  
 
Results  
There was a 50% bias correction success rate at both pre-treatment and inter-regimen (119/237 cases and 107/213 cases, 
respectively). For successful cases, the Pearson’s linear correlation coefficient, r, improved by 0.02 at pre-treatment and 0.04 at 
inter-regimen for mean BPE, p<0.001. With bias correction, half of the semi-automatic cases showed a higher agreement with the 
results from semi-manual method. Figure 1 shows a visual example where bias correction improved the semi-automatic 
segmentation method. The original image shows a bias field near the nipple and after bias correction, the semi-automatic 
segmentation included more FGT further away.  
 
Conclusion 
Use of bias correction before quantitative image analysis can effectively improve BPE quantification and reduce the overall 
variance. FCM clustering is not robust enough to account for bias field inhomogeneity and this was observed in many cases. For 
the cases where bias correction aided in providing more accurate segmentation and therefore more accurate BPE measurements, 
this preprocessing step allows measured BPE to be a better biomarker for assessing breast cancer risk. Future research will 
include optimizing the bias correction algorithm for breast MRIs and exploring machine learning techniques for more robust 
segmentation and reducing time for processing large datasets.  
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Figure 1: Successful example comparison of FCM segmentation between the semi-automatic method without bias correction, the 
semi-automatic method on bias corrected image, and semi-manual segmentation.  

 


